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Fig.1 Clustering.
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Centralized Clustering(G) {
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compute priority(G); /¥ 000000 */
while (S £ 0) {
z=max(S); /¥ 00000000000 */
H=HU{z};
§ =8 — ({z} UT(2));
compute priority(G[S]); /0000000 */
}
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Fig.2 Centralized clustering algorithm.

Distributed Clutering(G) {
S=V;
H=10;
compute priority(G);/* 000000 */
while(S % 0) {
X =mazimal(S); /00000000000 */
H=HUX;
S=5—-(XUI'(X));
compute priority(G[S]); /¥ 0000000 */
}
}
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Fig.3 Distributed clustering algorithm.
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Fig.5 Highest degree clustering algorithms.
(a) Centralized algorithm. (b) Dis-
tributed algorithm.
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(b) Priority of weighted highest degree.
(c) Weighted highest degree clustering
algorithm.
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Fig.7 An example of re-clustering by LCC
algorithm.

LCC Clustering {
compute priority(G’);
X = mazimal(H);
/¥*G' 0000 HOOODOOOOoO */
G" =G'lV - (XUIL(X))
H' = X U Clustering(G");
}

08 LCCO
Fig.8 LCC algorithm.
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Fig.9 An example of re-clustering by improved LCC
algorithm.
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Improved LCC Clustering {
compute priority(G’);
X =A{plp€HTgyp) =0}
/¥*G'[HI0DOO0O00O0Doooo */
G = G'V — (X UT(X))];
Clustering(G'');
}

010 00O LCCO
Fig. 10 Improved LCC algorithm.
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Table 1 The number of clusterheads by centralized
clustering algorithms.

oooo
ooooo|ocooo ooooo ooooo0 |00 1Db0d
50 69.80 69.94 72.58
100 33.30 34.86 40.62
100 150 18.43 20.00 24.24
200 12.27 13.26 16.02
250 9.29 9.90 11.38
300 6.63 6.92 8.73
50 101.52 103.01 113.47
100 38.63 41.77 50.71
200 150 21.44 23.20 27.76
200 13.83 14.88 17.71
250 11.01 11.12 12.51
300 7.84 7.76 9.30
50 117.71 121.03 138.79
100 41.92 45.41 55.84
300 150 23.17 24.76 29.49
200 15.06 15.52 18.51
250 12.08 11.82 12.82
300 8.60 8.27 9.54
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Table 2 The number of clusterheads by distributed
clustering algorithms.
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50 118.62 121.68 138.79
100 44.29 45.81 55.84
300 150 24.08 24.81 29.49
200 15.84 15.58 18.51
250 12.00 11.99 12.82
300 9.41 8.44 9.54
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Table 3 The number of changes of clusterheads.

ooo0o |ooLecco | Lecd
100 562.9 646.4
200 718.0 820.3
300 757.8 948.7
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